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DETECTING HAEMORRHAGIC STROKE IN
CT IMAGE DATA

FIELD OF THE INVENTION

The invention relates to the field of assisting physicians in
medical diagnosing and more specifically in detecting haem-
orrhagic stroke in CT image data.

BACKGROUND OF THE INVENTION

Stroke is the third leading cause of death in the US and
western countries after myocardial infarct and cancer, and the
leading cause of disability. Besides the dramatic decrease of
the individuals’ quality of life, stroke has an evident socio-
economic impact with costs of 35 to 50 thousand US $ per
stroke survivor per year.

Concerning these facts, there is a strong need for an effec-
tive treatment of stroke patients. During the last decade, stud-
ies of recanalizing drugs and neuroprotectants in acute
ischemic stroke patients have shown promising results. How-
ever, this treatment has to be applied within a narrow window
of'time following the stroke. After six hours the relative risk of
the therapy outweighs its benefits. Although the treatment is
helpful when applied to patients with acute ischemic stroke, it
is hazardous when applied to patients with an acute cerebral
bleeding, e.g., haemorrhagic stroke, or event with a disposi-
tion for cerebral bleeding.

Both time-pressure and the hazardous effect on patients
with cerebral bleeding demand a fast, qualified, differential
diagnosis of the stroke based on adequate imaging and image
reading techniques. However, these techniques are available
to very few medical specialists, hence currently only 3-4% of
patients with acute ischemic stroke are treated with an
adequate therapy like intravenous thrombolysis.

In CT imaging, an acute haemorrhagic stroke can be char-
acterized by typical gray value characteristics that change in
the course of the disease. In an acute phase the stroke region
is depicted as a hyperdense, i.e., relatively brighter area,
whereas a chronic haemorrhagic stroke appears as a
hypodense, i.e., relatively darker area. These typical gray
values demand for image processing approaches like thresh-
olding, clustering and region growing.

In the article entitled “Image Analysis and 3-D Visualiza-
tion of Intracerebral Brain Hemorrhage ”, Dhawan et al,
proceedings of Sixth Annual IEEE Symposium on Computer-
Based Medical Systems (13-16 Jun. 1993). pages 140 -145 ,
Dhawan et al propose a semi-automatic approach to detect
intracerebral haemorrhage based on CT images, A k-means
clustering algorithm subdivides the entire image into fore-
ground and background. On the resulting binary image , the
user selects an adequate seed point for a subsequent region
growing algorithm that delineates the intracerebral haemor-
rhage.

A more automated rule-based approach is presented by M.
Matesin et al. in the article entitled “A rule-based approach to
stroke lesion analysis from CT images”, in Image and Signal
Processing and Analysis, 2001, pages 219-223. Here image
features like brightness and symmetry, relative to the symme-
try axis of the brain, of an extracted region are used to classify
the image into background, skull, cerebrospinal fluid, gray/
white matter and stroke. An area of stroke that is not symmet-
ric with respect to the symmetry axis of the brain is labeled as
hypodense by the authors. These assumptions may be true for
an ischemic stroke, but do not correctly describe an acute
haematoma.

10

15

20

25

30

35

40

45

50

55

60

65

2
SUMMARY OF THE INVENTION

It would be advantageous to have a system capable of
assisting a physician in making the differential diagnosis of
stroke patients, based on non-contrasted CT images.

To better address this issue, in an aspect of the invention, a
system for identifying an acute haematoma in non-contrasted
CT image data is provided, the system comprising:
an extraction unit for extracting a candidate region suspected

to be the acute haematoma, based on a first analysis of gray

values of the image data; and

a classification unit for classifying the candidate region as a
positive or negative acute haematoma, based on a second
analysis of spatial features of the candidate region.

The system is thus arranged to delineate the acute intrac-
erebral haematoma in non-contrasted CT images in two
stages. The first stage, performed by the extraction unit, relies
on the first analysis of gray values of the image data in order
to extract the candidate region. The candidate region may
comprise both an acute haematoma and other regions having
similar gray values, e.g., regions resulting from partial vol-
ume effects at the interface of the bony structures of the skull
and the brain. The novel second stage, performed by the
classification unit, relies on the second analysis of spatial
features of the candidate region such as, for example, the size,
shape, and connectedness to the skull bone of the candidate
region. Using spatial features of the candidate region
improves the correctness of the classification of the candidate
region as a true or false acute haematoma. Thus, the system is
useful in more reliably classifying the candidate region
extracted by the extraction unit. This helps both a stroke
expert and, in particular, a non-stroke-expert in reaching a
correct diagnosis and prescribing an effective therapy. Fur-
ther, the system does not require CT image data obtained
using contrast agents.

In an embodiment of the system, the extraction unit com-
prises:

a skull unit for extracting a skull region;

a brain unit for extracting a brain region, based on the
extracted skull region; and

a haematoma unit for extracting the candidate region within
the brain region.

Extracting the skull region can be easily carried out on the
basis of the gray values of the skull bone. Extraction of the
brain region may be easily carried out on the basis of the gray
values of the brain tissue within an area bounded by the skull.
Extracting the candidate region within the brain region may
be easily carried out on the basis of the gray values of the
acute haematoma.

In an embodiment of the system, the classification unit
comprises:

a topology unit for computing a topological feature of the
candidate region; and/or

a geometry unit for computing a geometrical feature of the
candidate region; and

a discrimination unit for classifying the candidate region on
the basis of the topological and/or geometrical feature of
the candidate region.

Based on the computed topological and/or geometrical
feature of the skull of the candidate region, the discrimination
unit may better classify the candidate region as an acute
haematoma. Optionally, the computed topological and/or
geometrical feature may be used by the discrimination unit to
identify an acute intracranial haematoma, acute subdural hae-
matoma, acute epidural haematoma, or partial volume effect.

In an embodiment of the system, the topological and/or
geometrical feature of the candidate region is computed
based on a distance-based histogram of the mean gray value
of the candidate region. First, the Fuclidean distance map of
the brain is calculated. Second, a distance-based histogram
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comprising mean gray values at discrete distance intervals is
calculated using the distance map. The distance histogram
provides a simple way of visualizing and determining the type
of the candidate region.

It will be appreciated by those skilled in the art that any two
or more of the above-mentioned embodiments of the system
may be combined in any useful way.

In a further aspect of the invention, the system according to
the invention is comprised in an image acquisition apparatus.

In a further aspect of the invention, the system according to
the invention is comprised in a workstation.

In a further aspect of the invention, a method of identifying
an acute haematoma in non-contrasted CT image data is
provided, the method comprising:
an extraction step for extracting a candidate region suspected

to be the acute haematoma, based on a first analysis of gray

values of the image data; and

a classification step for classifying the candidate region as a
positive or negative acute haematoma, based on a second
analysis of spatial features of the candidate region.

In a further aspect of the invention, a computer program
product to be loaded by a computer arrangement is provided,
the computer program product comprising instructions for
identifying an acute haematoma in non-contrasted CT image
data, the computer arrangement comprising a processing unit
and a memory, the computer program product, after being
loaded, providing said processing unit with the capability to
carry out the following tasks:
extracting a candidate region suspected to be the acute hae-

matoma, based on a first analysis of gray values of the

image data; and

classifying the candidate region as a positive or negative acute
haematoma, based on a second analysis of spatial features
of the candidate region.

Modifications and variations of the image acquisition
apparatus, of the workstation, of the method, and/or of the
computer program product which correspond to the described
modifications and variations of the system, can be carried out
by a skilled person on the basis of the present description.

BRIEF DESCRIPTION OF THE DRAWINGS

These and other aspects of the invention will become
apparent from and will be elucidated with respect to the
implementations and embodiments described hereinafter and
with reference to the accompanying drawings, wherein:

FIG. 1 schematically shows a block diagram of an exem-
plary embodiment of the system;

FIG. 2 shows gray value profiles of the head and the brain;

FIG. 3 shows exemplary distance-based histograms;

FIG. 4 shows a flowchart of an exemplary implementation
of the method;

FIG. 5 schematically shows an exemplary embodiment of
the image acquisition apparatus; and

FIG. 6 schematically shows an exemplary embodiment of
the workstation.

Identical reference numerals are used to denote similar
parts throughout the Figures.

DETAILED DESCRIPTION OF EMBODIMENTS

FIG. 1 schematically shows a block diagram of an exem-
plary embodiment of the system 100 for identifying an acute
haematoma in non-contrasted CT image data, the system
comprising:
an extraction unit 110 for extracting a candidate region sus-

pected to be the acute haematoma, based on a first analysis

of gray values of the image data; and
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4

aclassificationunit 120 for classitying the candidate region as

a positive or negative acute haematoma, based on a second

analysis of spatial features of the candidate region.

The exemplary embodiment of the system 100 further
comprises the following units:

a skull unit 111 for extracting a skull region;

a brain unit 112 for extracting a brain region, based on the
extracted skull region; and

a haematoma unit 113 for extracting the candidate region
within the brain region;

atopology unit 121 for computing a topological feature of the
candidate region;

a geometry unit 122 for computing a geometrical feature of
the candidate region; and

a discrimination unit 123 for classifying the candidate region
on the basis of the topological feature and the geometrical
feature of the candidate region;

a user interface 165 for communicating with a user of the
system 100; and

a memory unit 170 for storing data.

In an embodiment of the system 100, there are three input
connectors 181, 182 and 183 for the incoming data. The first
input connector 181 is arranged to receive data coming in
from a data storage means such as, but not limited to, a hard
disk, a magnetic tape, a flash memory, or an optical disk. The
second input connector 182 is arranged to receive data com-
ing in from a user input device such as, but not limited to, a
mouse or a touch screen. The third input connector 183 is
arranged to receive data coming in from a user input device
such as a keyboard. The input connectors 181, 182 and 183
are connected to an input control unit 180.

In an embodiment of the system 100, there are two output
connectors 191 and 192 for the outgoing data. The first output
connector 191 is arranged to output the data to a data storage
means such as a hard disk, a magnetic tape, a flash memory, or
an optical disk. The second output connector 192 is arranged
to output the data to a display device. The output connectors
191 and 192 receive the respective data via an output control
unit 190.

The skilled person will understand that there are many
ways to connect input devices to the input connectors 181,
182 and 183 and the output devices to the output connectors
191 and 192 of the system 100. These ways comprise, but are
not limited to, a wired and a wireless connection, a digital
network such as, but not limited to, a Local Area Network
(LAN) and a Wide Area Network (WAN), the Internet, a
digital telephone network, and an analogue telephone net-
work.

In an embodiment of the system 100, the system 100 com-
prises a memory unit 170. The system 100 is arranged to
receive input data from external devices via any of the input
connectors 181, 182, and 183 and to store the received input
data in the memory unit 170. Loading the input data into the
memory unit 170 allows quick access to relevant data portions
by the units of the system 100. The input data may comprise,
for example, the image data. The memory unit 170 may be
implemented by devices such as, but not limited to, a Random
Access Memory (RAM) chip, a Read Only Memory (ROM)
chip, and/or a hard disk drive and a hard disk. The memory
unit 170 may be further arranged to store the output data. The
output data may comprise, for example, the CT image data
comprising a delineation of the candidate region classified as
a true acute haematoma. The memory unit 170 may be also
arranged to receive data from and deliver data to the units of
the system 100 comprising the extraction unit 110, the clas-
sification unit 120, the skull unit 111, the brain unit 112, the
haematoma unit 113, the topology unit 121, the geometry unit
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122, the discrimination unit 123, the control unit 160, and the
user interface 165, via a memory bus 175. The memory unit
170 is further arranged to make the output data available to
external devices via any of the output connectors 191 and 192.
Storing data from the units of the system 100 in the memory
unit 170 may advantageously improve performance of the
units of the system 100 as well as the rate of transfer of the
output data from the units of the system 100 to external
devices.

Alternatively, the system 100 may comprise no memory
unit 170 and no memory bus 175. The input data used by the
system 100 may be supplied by at least one external device,
such as an external memory or a processor, connected to the
units of the system 100. Similarly, the output data produced
by the system 100 may be supplied to at least one external
device, such as an external memory or a processor, connected
to the units of the system 100. The units of the system 100
may be arranged to receive the data from each other via
internal connections or via a data bus.

In an embodiment of the system 100, the system 100 com-
prises a control unit 160 for controlling the workflow in the
system 100. The control unit may be arranged to receive
control data from and provide control data to the units of the
system 100. For example, after the candidate region is
extracted by the extraction unit 110, the extraction unit 110
may be arranged to pass a control data “the candidate region
is extracted” to the control unit 160 and the control unit 160
may be arranged to provide a control data “classify the can-
didate region” to the classification unit 120, thereby request-
ing the classification unit 120 to classify the candidate region.
Alternatively, a control function may be implemented in
another unit of the system 100.

In an embodiment of the system 100, the system 100 com-
prises a user interface 165 for communicating with the user of
the system 100. The user interface 165 may be arranged to
obtain a user input, e.g., an input to request displaying a view
computed from the image data or a threshold value in Houn-
sfield units (HU) for extracting the skull. The skilled person
will understand that more functions may be advantageously
implemented in the user interface 165 of the system 100.

FIG. 2 shows gray value profiles of the head and the brain.
The left profile 24 is the head profile and corresponds to
voxels aligned along an interval 22 in a slice 21 of the CT
image data. This profile allows identifying three regions: the
skull region corresponding to gray values greater than a skull
threshold T, ,;0f 1133 HU, the brain region corresponding to
gray values less than the skull threshold T ,,,; and greater than
abrainthresholdT,, ., of 500 HU, and the background region
corresponding to gray values less than the brain threshold
T, i The right profile 25 is the brain profile and corresponds
to voxels aligned along an interval 23 in the slice 21 of the CT
image data. This profile allows identifying two tissue classes
within the brain: normal brain tissue corresponding to gray
values lower than a haematoma threshold T,,,,....,.;oms ©f 1080
HU and a candidate region corresponding to gray values
greater than the haematoma threshold T,,,.,.0roma- 10 make
the determined regions spatially consistent, a region growing
approach may be used. Further, the image data may be pre-
processed and/or postprocessed using various filtering opera-
tors, e.g., morphology operators.

The skilled person will understand that the thresholds may
be determined experimentally, based on an expert evaluation
of'a set of training images. The actual thresholds will depend
on said set of training images and the expert evaluation and
may be different from the values described in the preceding
paragraph. More regions, and thresholds describing these
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regions, corresponding to, e.g., tumors, motion artifacts, and
calcifications, may be defined and identified in a similar way.

The extraction unit 110 is arranged for extracting a candi-
date region suspected to be the acute haematoma, based on a
first analysis of gray values of the image data. The first analy-
sis may involve using region growing and thresholding. A
connected component of a seed, the component comprising
voxels with gray values between the haematoma threshold
T nemaroma a0d the skull threshold T, ,,, is extracted as the
candidate region.

An acute intracerebral haematoma has to be within the
brain, which is surrounded by the skull. This fact may be used
to improve the extraction strategy. In an embodiment of the
system 100, the extraction unit comprises a skull unit 111 for
extracting a skull region, a brain unit 112 for extracting a
brain region, based on the extracted skull region, and a hae-
matoma unit 113 for extracting the candidate region within
the brain region. First, a region growing approach is applied to
extract the skull region. Assuming that there will be no other
object surrounding the skull that provides similar gray values,
the seed is automatically extracted by casting rays from the
border of the image volume. If a ray hits an object within the
given gray value range, e.g., greater than T, ., and with an
extension greater than 3 mm, a seed is set within this object.
The skull unit determines the binary mask of the skull defin-
ing the skull region.

After the skull unit 111 has extracted the skull region, the
brain unit 112 is arranged to use the region growing approach
to extract the brain region. Here the seed may be a center of
the skull region, e.g., the mass center or the geometrical
center. The connected component of the seed, the component
comprising voxels with gray values between the brain thresh-
old T,,,;, and the skull threshold T, is extracted as the
brain region.

After the brain unit 112 has extracted the brain region, the
haematoma unit 113 is arranged to extract a set of candidate
regions within the brain region. This is achieved by identify-
ing voxels within the brain region with gray values greater
than the haematoma threshold T, ,......oma- Lhe set of connec-
tivity components of the identified voxels is the set of candi-
date regions.

Unfortunately, partial volume effects at the interface of the
bony structures and the brain provide similar gray values as
acute haematoma. Thus, the set of candidate regions may
include a considerable amount of false positives induced by
partial volume effects. In particular, acute subdural and epi-
dural haematoma, which reside at the skull-brain interface,
are hard to discriminate from partial volume effects.

The classification unit 120 is arranged to classify the can-
didate region as a positive or negative acute haematoma,
based on a second analysis of spatial features of the candidate
region. In an embodiment, the main discriminating criterion
is the simultaneous occurrence of the topological feature
“connected to bone” and the geometrical feature “extension
perpendicular to the skull’s surface”. The topology unit 121 is
arranged to compute the distance between the candidate
region and the skull. The geometry unit 122 is arranged to
compute the dimensions of the candidate region. The dis-
crimination unit 123 is arranged to classify the candidate
region, based on the connectedness and dimensions of the
candidate region. If the distance between the candidate region
and the skull is less than a distance threshold, the candidate
region is adjacent to the skull. If the extension perpendicular
to the skull’s surface of such a candidate region is greater than
adimension threshold, the candidate region is classified as an
acute subdural or epidural haematoma. Otherwise, such a
candidate region is classified as a partial volume artifact. If
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the candidate region is not adjacent to the skull, i.e., if the
distance between the candidate region and the skull is greater
than or equal to the distance threshold, then the candidate
region is classified as an acute intracranial haematoma.

Alternatively, in an embodiment, the classification unit 120
is arranged to compute and analyze a distance-based histo-
gram. First, the Euclidean distance map of the brain is calcu-
lated. The Euclidean distance map of the brain assigns, to
each point of a plurality of points of the brain, the Euclidean
distance from the point to the skull. The points of the plurality
of'points of the brain are binned, based on their distance from
the skull. The bin intervals may be, for example, 1 mm in
length. For each candidate region and each bin, the mean of
gray values of points is computed. This results in a typical
distance-based histogram comprising peaks with nearly the
same mean gray value for each bin interval, approximately
1100 HU, but with different peak distribution patterns.

FIG. 3 shows exemplary distance-based histograms. Par-
tial volume effects are described by narrow peaks, which are
directly connected to bony structures, as shown in the dia-
gram 31. Candidate regions defining peaks starting at a dis-
tance of 0 mm and ending at a distance of 4 mm or less than
4 mm are classified as partial volume artifacts, i.c. negative
acute haematoma. A positive acute haematoma has either no
connection to any bone, as shown in the diagram 32, or, if
connected to the skull, shows a relatively broader peak, illus-
trated in the diagram 33.

The skilled person will understand that various methods
and numerous topological and/or geometrical features may
be useful for classifying the candidate region. The described
methods and features are used to illustrate the invention and
must not be construed as limiting the scope of the claims.

The skilled person will further understand that the system
may be arranged to extract and classify candidate regions on
the basis of multidimensional data, e.g. two-dimensional or
three-dimensional image data.

The skilled person will further understand that the system
100 described in the current document may be a valuable tool
for assisting a physician in medical diagnosing, in particular
in extracting information from and interpreting medical
image data.

The skilled person will further understand that other
embodiments of the system 100 are also possible. It is pos-
sible, among other things, to redefine the units of the system
and to redistribute their functions.

The units of the system 100 may be implemented using a
processor. Normally, their functions are performed under the
control of a software program product. During execution, the
software program product is normally loaded into a memory,
like a RAM, and executed from there. The program may be
loaded from a background memory, such as a ROM, hard
disk, or magnetic and/or optical storage, or may be loaded via
a network like the Internet. Optionally, an application-spe-
cific integrated circuit may provide the described functional-
ity.

FIG. 4 shows a flowchart of an exemplary implementation
of the method 400 of identifying an acute haematoma in
non-contrasted CT image data. The method 400 begins with
an extraction step 410 for extracting a candidate region sus-
pected to be the acute haematoma, based on a first analysis of
gray values of the image data. After the extraction step 410,
the method 400 continues to a classification step 420 for
classifying the candidate region as a positive or negative acute
haematoma, based on a second analysis of spatial features of
the candidate region. After the classification step, the method
400 terminates.
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In an embodiment shown, the extraction step 410 com-
presses the following steps: a skull step 411, a brain step 412,
and a haematoma step 413. The extraction step 410 begins
with the skull step 411 for extracting a skull region. After the
skull step, the extraction step 410 continues to the brain step
412 for extracting a brain region, based on the extracted skull
region. After the brain step 412, the extraction step 410 con-
tinues to the haematoma step 413 for extracting the candidate
region within the brain region.

In an embodiment shown, the classification step 420 com-
prises a topology step 421, a geometry step 422, and a dis-
crimination step 423. The classification step 420 begins with
the topology step 421 for computing a topological feature of
the candidate region. After the topology step 421, the classi-
fication step 420 continues to the geometry step 422 for
computing a geometrical feature of the candidate region.
After the geometry step 422, the classification step 420 con-
tinues to the discrimination step 423 for classifying the can-
didate region on the basis of the topological feature and the
geometrical feature of the candidate region.

The order of steps in the method 400 is not mandatory, the
skilled person may change the order of some steps or perform
some steps concurrently using threading models, multi-pro-
cessor systems or multiple processes without departing from
the concept as intended by the present invention. Optionally,
two or more steps of the method 400 of the current invention
may be combined into one step. Optionally, a step of the
method 400 of the current invention may be split into a plu-
rality of steps.

FIG. 5 schematically shows an exemplary embodiment of
the image acquisition apparatus 500 employing the system
100, said image acquisition apparatus 500 comprising a CT
image acquisition unit 510 connected, via an internal connec-
tion, with the system 100, an input connector 501, and an
output connector 502. This arrangement advantageously
increases the capabilities of the image acquisition apparatus
500, providing said image acquisition apparatus 500 with
advantageous capabilities of the system 100.

FIG. 6 schematically shows an exemplary embodiment of
the workstation 600. The workstation comprises a system bus
601. A processor 610, a memory 620, a disk input/output
(I/0) adapter 630, and a user interface (UI) 640 are opera-
tively connected to the system bus 601. A disk storage device
631 is operatively coupled to the disk /O adapter 630. A
keyboard 641, a mouse 642, and a display 643 are operatively
coupled to the UI 640. The system 60 of the invention, imple-
mented as a computer program, is stored in the disk storage
device 631. The workstation 600 is arranged to load the
program and input data into memory 620 and execute the
program on the processor 610. The user can input information
to the workstation 600, using the keyboard 641 and/or the
mouse 642. The workstation is arranged to output informa-
tion to the display device 643 and/or to the disk 631. The
skilled person will understand that numerous other embodi-
ments of the workstation 600 are known in the art and that the
present embodiment serves the purpose of illustrating the
invention and must not be interpreted as limiting the invention
to this particular embodiment.

It should be noted that the above-mentioned embodiments
illustrate rather than limit the invention and that those skilled
in the art will be able to design alternative embodiments
without departing from the scope of the appended claims. In
the claims, any reference signs placed between parentheses
shall not be construed as limiting the claim. The word “com-
prising” does not exclude the presence of elements or steps
not listed in a claim or in the description. The word “a” or “an”
preceding an element does not exclude the presence of a
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plurality of such elements. The invention can be implemented
by means of hardware comprising several distinct elements
and by means of a programmed computer. In the system
claims enumerating several units, several of these units can be
embodied by one and the same item of hardware or software.
The usage of the words first, second and third, etc., does not
indicate any ordering. These words are to be interpreted as
names.

The invention claimed is:

1. A system for identifying an acute haematoma in non-
contrasted computed tomography image data, the system
comprising a computer programmed to:

perform a first analysis of gray values of non-contrasted

computer tomography image data, the first analysis
comprising region growing and thresholding;
extract a candidate region suspected to be the acute hae-
matoma, based on the first analysis of the gray values;

perform a second analysis of spatial features of the candi-
date region, including a size of the candidate region, a
shape of the candidate region, and a connectedness of
the candidate region to a skull; and

classify, via a distance-based histogram of a mean gray

value of the candidate region, the candidate region as a
positive or negative acute haematoma, based on the
analysis of spatial features.

2. The system as claimed in claim 1, wherein extracting the
candidate region comprises:

extracting a skull region;

extracting a brain region, based on the extracted skull
region; and

extracting the candidate region from within the brain
region.

3. The system as claimed in claim 1, wherein classifying
the candidate region comprises:

computing a topological feature of the candidate region;

and/or

computing a geometrical feature of the candidate region;

and

classifying the candidate region on the basis of the topo-

logical and/or geometrical feature of the candidate
region.

4. The system as claimed in claim 3, wherein the topologi-
cal and/or geometrical feature of the candidate region is com-
puted, based on the distance-based histogram of the mean
gray value of the candidate region.

5. The system as claimed in claim 4, wherein the computer
is programmed to:

compute the topology feature by computing connectedness

of'the candidate region to the skull in accordance with a
distance between the candidate region and the skull;
compute the geometry feature by computing dimensions of

the candidate region; and

classify the candidate region by classifying the candidate

region in accordance with the computed connectedness
and the dimensions of the candidate region.

6. The system as claimed in claim 1, wherein the classify-
ing includes classifying the candidate region as one of an
acute intracranial haematoma, acute subdural haematoma,
acute epidural haematoma, or partial volume effect.

7. The system as claimed in claim 1, further including
image acquisition apparatus which generates the non-con-
trasted computed tomography image data and communicates
the computed tomography data to the computer.

8. A method of identifying an acute haematoma in non-
contrasted computed tomography image data, the method
comprising:

extracting a candidate region suspected to be the acute

haematoma, based on a first analysis of gray values of
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the image data including region growing and threshold-

ing, the region growing and thresholding comprising:

casting rays from a border of the image data,

responsive to a ray contacting an object having a gray
value greater than associated skull threshold value
and with an extension greater than a preselected dis-
tance, setting a seed within the object, and

determining a binary mask of a skull defining a skull
region for extraction; and

classifying the candidate region as a positive or negative

acute haematoma, based on a second analysis of spatial
features of the candidate region, wherein the spatial
features include a size of the candidate region, a shape of
the candidate region, and a connectedness of the candi-
date region to the skull.

9. The method as claimed in claim 8, wherein the computer
is programmed to classify the candidate region by:

computing a connectedness of the candidate region to the

skull in accordance with a distance between the candi-
date region and the skull;

computing dimensions of the candidate region; and

classifying the candidate region in accordance with the

computed connectedness and the dimensions of the can-
didate region.

10. The method as claim in claim 9, wherein the computer
is further programmed to:

calculate a Euclidean distance map of the brain so as to

assign to each of a plurality of points of the brain, a
Euclidean distance from the point to the skull;

bin each of the plurality of points in accordance with the

calculated FEuclidean distance; and

calculate a distance-based histogram including each can-

didate region and each bin in accordance with a mean of
gray values for each candidate region and each bin,
wherein classification of the candidate region is per-
formed in accordance with the distance-based histo-
gram.

11. The method as claimed in claim 8, further comprising:

setting a seed within a mass center or a geometrical center

of the skull region;
determining a connected component of the seed, the con-
nected component comprising voxels having a gray
value greater than an associated brain threshold value
and less than the associated skull threshold value; and

extracting the determined connected component of the
seed as the brain region.

12. The method as claimed in claim 11, further comprising:

identifying a voxel within the brain region having a gray

value greater than an associated haematoma threshold
value; and

determining a connectivity component of the identified

voxel as the candidate region.

13. The method as claimed in claim 12, further comprising:

determining a value of each of the skull threshold, the brain

threshold and the haematoma threshold in accordance
with a set of training images.

14. A non-transitory computer-readable storage medium
storing a computer program which, when executed on a com-
puter configures the computer to perform a method of iden-
tifying an acute haematoma in non-contrasted computed
tomography image data, including:

extracting a candidate region suspected to be the acute

haematoma, based on a first analysis of gray values of
the image data, the first analysis including region grow-
ing and thresholding; and

classifying the candidate region as a positive or negative

acute haematoma, based on a second analysis of spatial
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features of the candidate region via a distance-based
histogram, wherein the spatial features include a size of
the candidate region, a shape of the candidate region,
and a connectedness of the candidate region to a skull.
15. A system for identifying an acute haematoma in non-
contrasted computed tomography image data, the system
comprising a computer programmed to:
perform a first analysis of gray values of the non-contrasted
computer tomography image data, the first analysis
comprising region growing and thresholding;
extract a candidate region suspected to be the acute hae-
matoma, based on the first analysis of the gray values,
the extracting comprising:
extracting a skull region by:
casting rays from a border of the image data,
responsive to a ray contacting an object having a gray
value greater than an associated skull threshold
value and with an extension greater than a prese-

lected distance, setting a seed within the object, and 29

determining a binary mask of the skull defining the
skull region for extraction;
extracting a brain region, based on the extracted skull
region; and
extracting the candidate region from within the brain
region;
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perform a second analysis of spatial features of the candi-
date region, including a size of the candidate region, a
shape of the candidate region, and a connectedness of
the candidate region to a skull; and

classify the candidate region as a positive or negative acute

haematoma, based on the analysis of the spatial features.

16. The system as claimed in claim 15, wherein the com-
puter is further programmed to extract the brain region, based
on the extracted skull region by the brain unit by:

setting a seed within a mass center or a geometrical center

of the skull region;
determining a connected component of the seed, the con-
nected component comprising voxels having a gray
value than an associated brain threshold value and less
than the associated skull threshold value; and

extracting the determined connected component of the
seed as the brain region.

17. The system as claimed in claim 16, wherein the com-
puter is programmed to extract the candidate region within
the brain region by:

identifying a voxel within the brain region having a gray

value greater than an associated haematoma threshold
value; and

determining a connectivity component of the identified

voxel as the candidate region.
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